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Introduction
Visual Relationship Detection (VRD)

Given an image or a video, Visual Relationship Detection aims to provide several
triplets, shown as <subject-predicate-object>.

grass around zebra

boy next to girl
zebra eating grass

boy wear shorts

girl hold bal

v’ Input: An image/ A video.
v’ Output: Triplets, <subject-predicate-object>.
v' Goals: @ Localize the objects; @ Determine the predicates
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R  Relationship set

R = {r(s.p,0)|s,0 € O,p € P} ‘
O Objects set -

Relationships

P Predicate set I
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Introduction
Computer Vision
Natural Language Processing
Low-level Understanding: Object Detection, segmentation
High-level Understanding: Image Captioning, VCR, VQA
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